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ThisT posterT presentsT aT systemT forT automaticT vehicleT trajectoryT
extractionTfromTaerialTvideoTdata6TTheT inputTvideoTsequenceTcanTbeT
capturedTbyTregularTactionTcameraTmountedTonTaTmulticopterTdroneT
orTballoonTflyingTinTaltitudesTfromTNDTtoT4DDTm6

TheT geo1registrationT ofT videoT sequenceT isT basedT uponT
transformationT estimationT ofT twoT ORBT featureT setsT extractedT fromT
aT referenceT imageT andT videoT sequenceT frame6T ToT provideT theT
robustnessT ofT theT estimationST RANSACT procedureT isT employedT toT
guideTtheTalgorithm6

VehicleT detectionT candidatesT areT producedT byT videoT sequenceT
analysisT inT temporalT dimensionT toT detectT movingT objects6T ThisT isT
carriedT outT byT backgroundT subtractionT algorithmT usingT GaussianT
MixtureT Models6T ItsT outputT isT fusedT togetherT withT aT roadT surfaceT
maskT andT currentlyT trackedT objectsT databaseT toT produceT setT ofT
detectionTcandidates6
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TheT detectionT candidatesT areT analyzedT byT twoT vehicleT classifiersT 1T
strongT vehicleT classifierT whichT producesT confidentT detectionT cuesST
andTweakTvehicleTclassifierTwhichTprovidesTtrackingTattractorsTtoTaidT
multi1targetT tracking6T TheT classifiersT useT Multi1BlockT LocalT BinaryT
PatternT featuresT andT areT constructedT byT AdaBoostT algorithmT onT
datasetTofT4DSDDDThandTannotatedTvehiclesTandTroadTstructures6

TheT trackingT ofT vehiclesT isT carriedT outT inT RGBEEdgeT imageT spaceT
usingTaTsetTofT independentTBayesianTbootstrapTparticleT filtersSToneT
forTeachTtarget6TTheTtransitionTmodelTofTtheTparticleTfilterT isTsimpleT
velocityTmodelTconsideringTtheTvehicleTpositionTasTintegrationTofTitsT
velocity6TTargetTmodelTofT theTvehicleT isT representedTbyTO4xO4TRGB
EEdgeTtemplateTwithTcircularTmaskSTwhichTisTextractedTfromTtheTareaT
initialTvehicleTdetection6TTheTplasticityTofT theTmodelT isTachievedTbyT
VzTtemplateTupdateTinTcaseTofToverlappingTstrongTdetectionTandMorT
whenT theT cuesT fromT theT weakT classifierT areT strongT enoughT inT theT
areaT ofT trackedT vehicle6T ToT preventT targetT swapsST theT updateT isT
disabledTwhenTmultipleTtargetsToverlap6

TheTevaluationTofTparticleT isTbasedTonT itsT templateTdistanceTtoTtheT
targetT modelT andT theT attractorT cuesT producedT byT theT weakT
classifier6T TheT initialisationT ofT particleT filterT forT movingT objectT isT
guidedTbyT,falloff,TalgorithmSTwhichTatTtheTbeginningTofTtheTtargetT
trackingT causesT theTpositionTofT theTparticlesTofTgivenT targetT toTbeT
moreTaffectedTbyTrandomTnoiseTthanTtheirTvelocitySTsoTtheTparticlesT
canT slowlyT adaptT toT theT targetT motionT whileT elevatingT particlespT
velocityTeffectTonTtheirTbehaviour6
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