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3. RESULTS
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Figure 4: Input data points (red),
bounding box (green), OSM query result
visualisation (orange and black)

Figure 8: Result comparison
with Google Maps
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Figure 1: Visualised input dataset
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Figure 2: Two types of stay-points
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Figure 3: Clustering result
a) input b) output
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Figure 5: Process of mapping point
(blue marker) to POI (red points)
using circular buffer (blue)

Figure 6: Home and work locations

Figure 7: Extracted places mapped to POIs
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