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Endpointing for spoken dialogue
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Endpointing: when did a speaker stop speaking?
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Fig 4: Prediction visualisation
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Fig 6: Results with label delay training Fig 7: Results with speech LLM
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[1] Defossez, Alexandre, et al. "Moshi: a speech-text foundation model for real-time
dialogue." arXiv preprint arXiv:2410.00037 (2024).



https://www.mathworks.com/help/audio/ref/melspectrogram.html

