
Problem? A vast amount of inconsistent, unstructured and overlapping data is distributed across multiple places.

Solution? An execution pipeline with a web application that aggregates, extracts, normalizes and
extends data, integrating LLMs for natural language search over the unified dataset.
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103 kw , 2005 , 
280 XXX km

{
  “brand”: “Škoda”,
  “model”: “Octavia”,
  “displacement”: 2.0,
  “power”: 103,
  “fuel_type”: “diesel”,
  “mileage”: “280000”
}

140 hp → 103 kw
1397 ccm → 1.4 l
Oktavie RS → Octavia
VW → Volkswagen
TDI → diesel
280 xxx km → 280000
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Qwen2.5:3B 81.89 % 85.18 % 86.64 % 79.79 % 80.07 %

Qwen2.5:7B 88.39 % 87.57 % 88.71 % 88.54 % 88.96 %

Qwen2.5:14B 91.29 % 92.68 % 93.04 % 92.39 % 92.11 %

Qwen2.5:32B 92.64 % 93.54 % 92.46 % 93.43 % 93.39 %

Qwen3:30B 90.18 % 89.93 % 92.89 % 93.25 % 93.79 %
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Table 2

Information Extraction Accuracy by LLM and Prompt Type

Brand
Listings
count Average time

Go (Colly)
Mazda 2126 3.10 s

Audi 7702 19.02 s

Python
(BeautifulSoup)

Mazda 2126 13.24 s

Audi 7702 50.19 s

Table 1

Web Scraping Performance: Colly vs. BeautifulSoup
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