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1 The Gap: What Commercial Tools Miss

Organization-Specific
Rules

Generic tools don't know your
naming conventions, SQL standards,

or architectural patterns.

They enforce universal

best practices only.

Rule Overload &
Context Degradation

Monolithic AI reviewers degrade
when given too many guidelines.

LLM attention dilutes across

hundreds of rules.

Signal Noise &
Alert Fatigue

Verbose, non-actionable comments
erode developer trust.

Developers learn to ignore

AI feedback entirely.

Commercial AI code reviewers find bugs effectively — but they cannot enforce
the specific coding standards your organization has built over years.

5 Code Change Rate Comparison — proportion of comments that led to actual code changes

0%

20%

40%

60%

80%

100%

41.8%

RIXO Code Reviewer

51.2%

CodeRabbit

80.1%

Human Reviewer

Our system targets style & convention enforcement — a complementary aspect to bug-finding.

Figure 3: Code Change Rate by Reviewer Type

6 Lessons Learned — from 5 months of production deployment

⚠️ Deploy quality from day one
Premature deployment with incomplete deduplication eroded developer trust — a deficit that persisted even after significant quality improvements.

✅ Specialize, don't generalize
Eight focused agents outperform one monolithic reviewer. Each agent sees only rules relevant to its domain, reducing hallucination and noise.

✅ Complement, don't replace
AI style enforcement frees human reviewers to focus on design and logic — total coverage tripled while human effort remained stable.

Focus
Design, logic Style, rules Bugs, logic, flaws

Knows org rules? ✅ ✅ ❌

Cross-file bugs? ✅ ❌ ✅

Scales with volume? ❌ ✅ ✅

Data stays in-house? ✅ ✅ ❌

Uses AI buzzwords? ❌ Responsibly Aggressively

Table 1: Complementary roles in code review

3× Coverage increase
2.22 → 6.67 threads per pull request

41.8% Code change rate
vs 51.2% CodeRabbit • 80.1% human

436 Pull requests
5 months • production environment

8 Specialized agents
style, security, SQL, testing, architecture...

2 Our Approach: Specialized Multi-Agent Review
Instead of one monolithic reviewer, we split the task across specialized agents — each enforcing only its domain of rules.

External APIs

Azure DevOps
PR Webhooks
Diff API
Comments API

Claude
Anthropic API
LLM reasoning

Azure OpenAI
Embeddings

Vector similarity

Knowledge Base
rixo-code-graph-rag

Memgraph
(Graph DB)

Vector Search

AST Analysis

(Tree-sitter)

Provides code context:

• Call graphs
• Type hierarchies
• File dependencies

• Semantic search

rixo-dev-mcp
Middleware Layer

Rule Loader

Diff Fetcher

Comment Poster

RAG Proxy

PR Metadata

Exposes via:

• REST API (orchestration)
• MCP Server (AI agents)

Figure 1: System Architecture

3 Review Pipeline — from webhook to published comment in a single automated flow

🔔
Pull Request Created

📥
Fetch Details & Code Changes

🔀
Thread Manager

🤖
Agents (×8)

🔍
Deduplicate Comments

📤
Publish comments & update status

Figure 2: Review Pipeline

rixo-code-reviewer
Review Orchestrator

HTTP+MCP

Per-File Agents

🤖 Agent Krueger

🤖 Agent Smith

... +4 more

Per-PR Agents

🤖 Agent Cooper

🤖 Agent Mulder

...

Thread Manager

🔄 Resolve

💬 Reply

📋 Lifecycle

pool

🔍 Deduplication

Tier 1
Vector Similarity

(fast pre-filter)

Tier 2
AI Semantic Check

(ambiguous)

→

📤 Publish Comments
Post to Azure DevOps • Set PR status

🏭 In Production — Components remain in active use at the company
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4 Results — 436 pull requests, 5 months, production enterprise environment

Human Rixo reviewer CodeRabbit


